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ABSTRACT:

The objective of this study is to compare the performance automobile ownership model per household in Thailand by two methods,

multiple linear regression analysis and artificial neutral network. These will help to forecast the information regarding automobile ownership and the

use of artificial neural network in this context. By using artificial neural network theory, the change of the trend and the relationship is developed and

interpolated. Then a comparison of the future predicted value and the actual value is done. Artificial neural network was adapted to find out that this

method gives lesser error than multiple linear regressions while modeling. The value of error while modeling with artificial neural network was 13.83

percent whereas 3.01 percent while modeled with multiple linear regression analysis. Therefore, the automobile ownership per household in Thailand

was calculated using multiple linear regression analysis method which gives more accurate result.

KEYWORDS: Automobile ownership model, Multiple linear regression analysis, Back-propagation learning of artificial neural network
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